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Based on Text Mining Techniques to Explore Medication Regularity of Chinese
Patent Medicine and West Medicine Application for Chronic Gastritis
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[ Abstract] Objectine; To analyze the regularity of Chinese patent medicine and west medicine application
for chronic gastritis with text mining technique. Method: Collected large literature about treatment against chronic
gastritis in CBM ( Chinese Bio Medical Literature Database ). Then, We transfer XML type data sets to the
structured database of Microsoft® SQL® and visualize them into different graphs by Excel and Cytoscape software.
Result: Sini San, Lizhong Wan were the commonly used Chinese patent medicine. The high frequencies of west
medicine against chronic gastritis were amoxicillin, omeprazole and clarithromycin. Chinese patent medicine Sini
San as well as west medicine omprazde and ranitidine of the combinated with othor drugs in treatment of the chronic
gastrits. Conelusion: The text mining technology can find the medication regularity of Chinese patent medicine and
west medicine application for chronic gastritis.
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USE Table Initial
FOR each PMID
k = Number_of_DescriptorName ( PMID )
j=1
FOR DescriptorNames (i) (1 =1,2,... ,k)
DO while j<k
DescriptorNames_Pair = DescriptorNames (i) +
DescriptorNames ()
j=j+1
OUTPUT DescriptorName_Pair INTO
table DN_pairs
ENDDO
j=1
ENDFOR
ENDFOR
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USE table DN_pairs
k = max_line_number
DO while k=1
GO top
FOR DescriptorName_Pair(1)//The 1st pairs in CHD_RA
COUNT its Frequency
EndFor
OUTPUT DescriptorName_Pair, Frequency INTO table
DN_pairs_Frqney
DELETE all DescriptorName_Pair(1) from table
DN_pairs
k = max_line_number

ENDDO
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